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The struggle of man against power is the struggle of memory against
forgetting.

— Milan Kundera

The art of being wise is the art of knowing what to overlook.
— William James

The Eleven Days

In December 1963, a seventeen-year-old named Randy Gardner decided to stay awake
for as long as he could, supervised by a Stanford sleep researcher named William
Dement who drove down to San Diego when he heard about the attempt. Gardner lasted
eleven days. The progression is instructive not for the hallucinations that arrived around
day four, or the paranoia around day seven, but for a subtler deterioration that Dement
noted in his contemporaneous observations and that subsequent sleep deprivation
research has confirmed with metronomic consistency: Gardner progressively lost the
ability to distinguish signal from noise. By day six, he could still perceive. He could still
respond. But his capacity to select—to determine which perceptions warranted attention
and which could be safely discarded—had degraded to the point where every sensory
input arrived with equal urgency. A shadow in peripheral vision and a spoken question
from the researcher occupied the same priority tier. The world had become an
undifferentiated wall of data, all of it equally important, which is another way of saying
none of it was important at all.

Gardner recovered fully after sleeping for fourteen hours. The recovery itself is the clue.
What did fourteen hours of unconsciousness restore that eleven days of continuous
operation had destroyed? Not energy—Gardner had eaten throughout the experiment.
Not information—he had continued receiving sensory input the entire time. What sleep
restored was the capacity to forget: to downgrade, to deprioritize, to sort the
accumulated experience of waking life into categories of significance and discard the
ones that didn’t make the cut.

The Mortal Architecture established that system longevity requires the controlled death
of components. This companion makes the complementary argument: system
adaptability requires the controlled death of patterns. A system that replaces every
corrupted part on schedule but never prunes its accumulated knowledge does not
age—it calcifies. It becomes a perfect archive of its own obsolescence, structurally sound
and operationally frozen, every strut and joist replaced on time while the blueprint itself



fossilizes around assumptions that stopped being true decades ago. Component death
and pattern death are not the same strategy applied at different scales. They are
orthogonal defenses against distinct failure modes, and a system needs both for the
same reason a body needs both apoptosis and sleep: one clears corrupted hardware, the
other clears corrupted software.

The Overnight Janitor
Start with the biology, because the biology is further along than the metaphors suggest.

In 2003, Giulio Tononi and Chiara Cirelli proposed the synaptic homeostasis
hypothesis, which has since accumulated enough experimental support to qualify as one
of the more robust models of why sleep exists. The core claim is almost comically
straightforward: learning is additive, and the brain has a finite energy budget. During
waking hours, every new experience strengthens synaptic connections. You learn a
colleague’s name, and a cluster of synapses gets stronger. You learn a shortcut to work,
stronger. You notice that the barista has a new tattoo, stronger. The brain does not,
during waking, have a mechanism for asking whether these modifications are worth
retaining. Everything gets encoded. Every synapse that fires together wires together, and
the aggregate synaptic weight across the cortex ratchets upward throughout the day like
a tally that only increments.

This cannot continue indefinitely, for a reason that has nothing to do with fatigue and
everything to do with information theory. If every synapse is strong, then no synapse is
informative. Signal is the difference between a strong connection and a weak one. When
the overall baseline rises, the relative differences that encode what you actually know
begin to drown in a rising tide of indiscriminate activation. The brain approaches the
neural equivalent of a hard drive written entirely in ones: technically full,
informationally empty.

Sleep reverses the ratchet. During slow-wave sleep, the cortex undergoes a systematic,
global downscaling of synaptic strength. Not a uniform erasure—that would destroy
everything—but a proportional reduction that preserves relative differences while
lowering absolute magnitude. The strongly reinforced synapses (the colleague’s name,
which you heard six times) survive the downscaling with their relative advantage intact.
The weakly reinforced ones (the barista’s tattoo, noticed once in passing) fall below



threshold and are effectively forgotten. You wake up knowing your colleague’s name and
having lost the tattoo, and this is not a bug in the system’s memory. It is the entire point.

The process is not merely energetic housekeeping. It is editorial. The brain is not
conserving battery life. It is performing lossy compression on the day’s experience, using
reinforcement frequency as a proxy for importance, and discarding everything below the
significance threshold. The barista’s tattoo is not forgotten because the brain ran out of
storage. It is forgotten because the brain determined—through nothing more
sophisticated than how many times the signal was repeated—that it wasn’t worth the
cost of keeping the synapse strong enough to encode it.

Now add the second system. In 2012, Maiken Nedergaard’s lab discovered the
glymphatic system, a network of channels that flushes cerebrospinal fluid through the
brain’s interstitial spaces during sleep, clearing metabolic waste products—including the
beta-amyloid plaques implicated in Alzheimer’s disease. The channels physically expand
during sleep as glial cells shrink, increasing interstitial space by roughly sixty percent.
The brain cannot simultaneously process information and flush its waste. Consciousness
and maintenance are architecturally incompatible. The janitor works the night shift
because the factory floor must be empty.

Two complementary operations, both gated on unconsciousness, both impossible during
active processing. Synaptic downscaling prunes the informational residue of waking.
Glymphatic clearance prunes the metabolic residue. Pattern garbage and chemical
garbage, cleared by the same maintenance window. And notice what happens when the
maintenance window is chronically shortened. Sleep deprivation does not merely
produce fatigue. It produces a specific cognitive signature: preserved rote performance
with collapsed executive function, difficulty distinguishing relevant from irrelevant,
impaired ability to update beliefs in light of new evidence. The system can still execute
stored programs. What degrades is its ability to revise them. A sleep-deprived brain is
not an underpowered brain. It is an overfitted brain—running on yesterday’s model with
no mechanism for today’s correction.

Hold that word. Overfitting. We're going to need it.

The Pathology of Perfect Memory



In machine learning, overfitting is what happens when a model memorizes its training
data instead of learning the underlying patterns. The symptom is paradoxical: the
overfit model achieves perfect performance on the data it was trained on and
catastrophic performance on anything new. It has not learned the rule. It has
memorized the examples. Ask it to generalize and it fails, because generalization
requires exactly the lossy compression that overfitting prevents—the ability to discard
the idiosyncratic details of particular cases in favor of the structural regularities that
connect them.

The standard remedies are all, without exception, techniques for making the model
forget. Weight decay penalizes large parameter values, pushing the model toward
simpler representations that cannot encode every quirk of the training data. Dropout
randomly disables neurons during training, forcing the network to distribute knowledge
across redundant pathways rather than encoding it in fragile, specific configurations.
Early stopping halts training before the model has had time to memorize the noise. Data
augmentation adds deliberate distortion to the training examples—rotated images,
paraphrased sentences, jittered timestamps—so that the model literally cannot
memorize the originals, because no two presentations of the “same” example are
identical.

Every one of these techniques degrades the model’s memory of its training data. Every
one of them improves its performance on data it has never seen. The relationship is not
incidental. It is causal. The model generalizes because it has been prevented from
remembering everything it was shown. Perfect memory is not the goal that
regularization falls short of. Perfect memory is the pathology that regularization exists
to prevent.

The parallel to synaptic homeostasis is not metaphorical. It is mechanical. During
waking, the brain accumulates synaptic weight indiscriminately—the training phase.
During sleep, it downscales—weight decay applied to biological wetware. The synapses
that survive are the ones reinforced strongly enough to retain their relative advantage
after the global reduction, just as the parameters that survive regularization are the ones
contributing enough to the loss function to justify their magnitude. The brain overfits
during the day and regularizes at night. The model overfits during training and
regularizes through dropout. The mechanism is identical: force the system to compress
its experience, and the compression selects for signal over noise because signal, by
definition, is what survives compression.



This principle—that adaptive systems must be actively prevented from remembering
everything—is specific enough to generate falsifiable predictions. And the predictions
hold. The neuroscience of eidetic memory—genuine total recall, as opposed to the
trained mnemonic systems that memory champions use—reveals a consistent trade-off
that the popular imagination gets exactly backwards. People with highly superior
autobiographical memory, the clinical condition documented by James McGaugh at UC
Irvine, can recall what they ate for dinner on any given Tuesday in 2003. They do not, as
a population, show superior problem-solving, abstraction, or creative synthesis. Some
show measurably worse performance on tasks requiring categorical thinking—tasks that
require you to ignore the specific features of individual instances in favor of the abstract
property they share. The details are too present. The noise never got cleared. They are,
in a precise computational sense, overfit to their own experience.

The Cache That Ate the System

Translate the principle into computing and it arrives at the oldest joke in software
engineering: there are only two hard problems in computer science—cache invalidation,
naming things, and off-by-one errors. The joke endures because cache invalidation is, in
fact, disproportionately difficult, and the reason it is difficult is precisely that it is a
forgetting problem. A cache stores the result of a previous computation so that the
system doesn’t have to repeat it. The difficulty is knowing when the cached result has
become stale—when the world has changed in a way that makes yesterday’s answer
wrong today. And the answer, across every caching architecture ever built, is always:
sooner than you think.

The Mortal Architecture treated caches as a source of state drift: local caches evolving
into shadow databases that the system depends on but no architecture document
acknowledges. That diagnosis is correct but incomplete. The deeper problem is not that
the cache exists. It is that the cache remembers, and in a dynamic environment,
memory without expiration is a guarantee of eventual incoherence. The cache that never
expires is a system that never forgets, and a system that never forgets in a changing
world is a system that will eventually serve stale data with the full confidence of a fresh
computation.



The engineering solutions are instructive because they all involve deliberate, scheduled
destruction of accumulated knowledge. Time-to-live: every cached value is stamped with
an expiration date, after which it is destroyed regardless of whether it has been proven
wrong. This is not targeted correction. It is prophylactic amnesia—the system forgets on
a schedule because the cost of occasionally discarding still-valid data is lower than the
cost of ever serving stale data with confidence. Cache busting: upstream changes
propagate a signal that explicitly invalidates downstream caches, forcing recomputation.
This is targeted forgetting, but notice that the burden is on the system, not the
cache—the cache cannot know that it is stale, because the very definition of staleness is
that the world has changed in a way the cache hasn’t observed.

The deepest parallel is to the database migration. Over time, a production database
accumulates schema decisions that made sense when they were made and become
progressively more expensive to work around as the application evolves. A column that
stored zip codes as integers because no one anticipated leading zeros. A foreign key
constraint that assumes a one-to-one relationship that has since become one-to-many.
The data itself may be pristine. The structure of the data—the assumptions baked into
the schema—is the accumulated memory that must be forgotten before the system can
adapt. And schema migrations are the most feared operations in production
engineering, not because they are technically complex, but because they require the
system to forget its own assumptions while remaining operational. Forgetting under
load is harder than forgetting at rest, for the same reason that synaptic pruning requires
unconsciousness.

The Weight of Precedent
Now cross into the domain where the consequences are measured in lives.

Common law is an append-only log. It does not delete. Every ruling stands as precedent
until explicitly overruled by a higher court or countermanded by statute, and even
overruled precedent is not erased—it persists in the record as a negative example, a
documented wrong turn that future courts must navigate around. The result, after
centuries of accumulation, is a system whose constraint space grows monotonically.
Every new decision must be consistent with every previous decision—or must explicitly



explain why it is not, generating still more precedent about when precedent can be
violated, precedent about the rules of forgetting that itself cannot be forgotten.

The operational consequence is exactly what the overfitting model predicts. A legal
system with a sufficiently deep precedent archive becomes progressively less capable of
responding to genuinely novel situations, because the accumulated weight of prior
reasoning constrains the space of permissible conclusions. A judge encountering a case
involving technology that did not exist when the relevant precedents were established
must either stretch old analogies past their breaking point or declare the situation
sufficiently novel to justify departure from precedent—a declaration that is itself
constrained by precedent about what constitutes sufficient novelty. The system is overfit
to its own history. It can reproduce past reasoning with exquisite fidelity and fails on
out-of-distribution inputs.

The United States Constitution contains the most revealing structural illustration. The
Eighteenth Amendment, ratified in 1919, prohibited the manufacture and sale of
alcohol. The Twenty-First Amendment, ratified in 1933, repealed it. But the Eighteenth
Amendment was not deleted from the document. It remains, Article XVIII, in every
printed copy, an institutional memory the system cannot erase. The Constitution forgot
its prohibition of alcohol the only way an append-only system can: by appending a
contradiction. The Twenty-First Amendment is not a correction. It is a patch applied
over the original error, and the error persists beneath the patch, visible to anyone who
reads sequentially. The system’s memory of its own mistake is permanent.

Compare this with the germline’s strategy, as described in The Mortal Architecture:
engineered amnesia. The germline does not record every pathogen the organism fought
or every calorie it metabolized. It preserves only the architectural innovations that
survived selection pressure and discards everything else. The Constitution cannot do
this. It has no Weismann Barrier between its operational history and its structural logic.
Every amendment—whether it encodes a fundamental principle or reverses a
fourteen-year mistake—is written in the same ink, at the same level of authority, in the
same append-only chain. Code and comments, architecture and errata, all fused into a
single substrate. The document remembers everything, and the memory of its errors
occupies the same structural space as its foundational commitments.

The institutional immune system problem identified in The Mortal
Architecture—reflexive entropy, the fact that corrupted components resist correction—is
compounded by the institutional memory problem identified here. A captured regulator



is a gray failure that actively resists being killed. A legal precedent established during the
era of regulatory capture is a memory of that capture that persists indefinitely, shaping
future decisions long after the original corruption has been cleared. Kill the senescent
cell; its SASP echo reverberates through the case law for generations. The institution has
been renewed. Its memory has not. And the memory, like an overfit model’s memorized
noise, constrains the system’s future behavior in ways that faithfully reproduce the
conditions that produced the corruption in the first place.

The Panopticon’s Freezing Effect

There is a second institutional pathology of perfect memory, and it operates not through
the system’s own accumulated knowledge but through the system’s subjects’ knowledge
that they are being remembered.

When organizations achieve total archival capacity—every email stored, every Slack
message indexed, every keystroke logged, every meeting recorded and transcribed—a
specific behavioral shift follows with the regularity of a thermodynamic process. People
stop taking risks. Not because they are told to stop. Because the ambient awareness that
every word and action is being permanently recorded changes the expected cost of
failure. A failed experiment, in an organization with imperfect memory, is a temporary
embarrassment that fades as institutional attention moves on. A failed experiment, in an
organization with total recall, is an indelible artifact discoverable by any future
colleague, manager, or attorney who cares to look. The rational response is to stop
experimenting.

This is the chilling effect applied to organizational cognition, and it produces exactly the
overfitting pathology the biological model predicts. The organization becomes excellent
at reproducing what has worked before and progressively incapable of attempting
anything that hasn’t. Innovation requires the possibility of failure. Failure requires the
possibility of forgetting. When the forgetting mechanism is removed—when the
institutional memory becomes total—the expected cost of failure becomes infinite in
duration even when it is small in magnitude, and the system’s agents rationally converge
on the strategy that minimizes memorable mistakes: do what was done last time.

The European Union’s General Data Protection Regulation codified the “right to be
forgotten”—the legal right of individuals to demand the erasure of personal data under



specified conditions. The jurisprudential debate has focused almost entirely on privacy:
whether individuals have a right to control their digital footprint. That framing, while
important, misses the systems-theoretic argument. The right to be forgotten is not only
a privacy right. It is an adaptive capacity right. A society that cannot forget its
members’ past errors is a society whose members cannot experiment, because the cost
of experimentation never decays. Bankruptcy law understood this centuries before data
protection law caught up: the entire point of a discharge in bankruptcy is to give the
debtor institutional amnesia—a fresh start, a signal to the system to forget the prior
failure and allow the agent to reenter economic life unconstrained by the memory of
what went wrong. Societies that refuse to forget their debtors do not produce more
responsible borrowers. They produce fewer entrepreneurs.

The Unlearning Problem

Now apply the diagnostic to the domain where The Mortal Architecture’s analysis was
most sobering: artificial intelligence.

A large language model, once trained, has no forgetting mechanism. The weights are
fixed. The training data’s influence is distributed across billions of parameters in a way
that cannot be selectively addressed. If the model has memorized a copyrighted passage,
a factual error, or a toxic association, there is no parameter you can identify and modify
to excise that specific memory without risking collateral damage to the representations
entangled with it. The Mortal Architecture identified this as the entanglement problem:
code, configuration, and accumulated state fused into a single substrate, just as in
biological DNA. The complement identified here is that the entanglement problem is not
only a repair problem. It is a forgetting problem. The model cannot be made to forget,
and a system that cannot forget cannot adapt after deployment.

The field of machine unlearning—the research effort to selectively remove the influence
of specific training examples from a trained model—is among the most active areas of
current ML safety research, and the difficulty of the problem illustrates the forgetting
principle with painful clarity. The naive approach—retraining the model from scratch on
a dataset with the offending examples removed—works but costs millions of dollars in
compute per iteration, and produces a different model rather than a corrected one. The
approximate approaches—gradient ascent on the examples to be forgotten, influence



function approximations, knowledge distillation into a student model trained to
replicate the teacher on everything except the targeted knowledge—all involve
fundamental trade-offs between the completeness of the forgetting and the preservation
of everything else. The entanglement means that forgetting one thing always risks
degrading something adjacent.

Contrast this with the brain’s architecture. Synaptic homeostasis achieves what machine
unlearning is trying to build: a mechanism for selective, ongoing, non-catastrophic
forgetting integrated into the normal operating cycle. The brain does not need to retrain
from scratch to forget the barista’s tattoo. It simply runs its nightly downscaling, and the
weakly reinforced synapse falls below threshold. The cost of this forgetting is negligible,
and the risk of collateral damage is managed by the proportional nature of the
downscaling—strongly reinforced synapses survive, preserving what matters. The
brain’s architecture was designed for forgetting from the start. Neural networks were
not. They were designed for learning, and forgetting was an afterthought—a problem to
be solved rather than a capacity to be architected. The difference in difficulty is the
predictable consequence of the difference in design priority.

The Mortal Architecture’s convergence thesis—that advanced AI uniquely combines
biological entanglement, technological flexibility, and sociological reflexivity—acquires
an additional dimension when the forgetting problem is factored in. An advanced Al
system that cannot selectively forget is a system whose accumulated training experience
functions exactly like the common law’s accumulated precedent: a monotonically
growing constraint space that the system cannot prune, that shapes every future output,
and that faithfully preserves the biases, errors, and distributional quirks of whatever
data happened to be available during training. The model is overfit to the historical
moment that produced it. It cannot step outside its training distribution any more than
a legal system overloaded with precedent can step outside its case history. Both systems
are prisoners of their own perfect memory.

The Two Mortalities

The Mortal Architecture’s unified principle states that system longevity is inversely
proportional to the coupling between a system’s identity and its current physical
instantiation. The companion principle proposed here is orthogonal: system



adaptability is inversely proportional to the completeness of a system’s memory of its
own operational history. One principle governs how long a system can survive. The
other governs how long it can remain relevant while surviving.

The distinction matters because they address different failure modes, and satisfying one
does not satisfy the other. A system with perfect apoptotic function—flawless
component turnover, immaculate gray failure detection, textbook Weismann Barrier
separation—can operate indefinitely. But if its accumulated memory—its trained
weights, its legal precedents, its institutional norms, its cached assumptions about the
world—is never pruned, it operates indefinitely in a fixed mode. It is immortal and
inflexible. It will outlast its competitors and fail to outthink them. It is the bristlecone
pine: five thousand years old, magnificently adapted to its niche, and incapable of
growing anywhere else.

Conversely, a system with perfect forgetting—fluid adaptation, continuous pruning, zero
accumulated baggage—but without the component renewal that The Mortal
Architecture prescribes will accumulate state drift in its operational substrate even as it
updates its patterns. The software of adaptation running on the corroding hardware of
unpruned components. The mind is nimble; the body rots.

The complete prescription requires both. Apoptosis clears corrupted components.
Forgetting clears corrupted patterns. The Weismann Barrier separates identity from
instantiation. A companion barrier—call it the Homeostatic Barrier—separates
adaptive capacity from accumulated experience. The Weismann Barrier says: do not let
your components’ corruption propagate to your blueprint. The Homeostatic Barrier
says: do not let your blueprint’s memory prevent it from being rewritten.

In biology, the Homeostatic Barrier is sleep. In computing, it is cache invalidation,
schema migration, and regularization. In law, it is sunset clauses, periodic
reauthorization, and the deliberate expiration of statutes that must be affirmatively
renewed to persist. In artificial intelligence, it does not yet exist, and its absence is not a
gap in the engineering. It is a structural vulnerability of the same order as the
entanglement problem, demanding the same urgency of research attention.

What the Germline Knew



Return to the germline one last time, because it solves both problems simultaneously,
and the elegance of the solution deserves to be stated plainly.

The germline achieves immortality through the Weismann Barrier: somatic corruption
does not propagate to the reproductive blueprint. The Mortal Architecture documented
this. But the germline also achieves adaptability through meiotic recombination: the
shuffling and recombination of genetic material during sexual reproduction.
Recombination is not just a source of variation. It is a forgetting mechanism. It breaks
up the specific combinations of alleles that worked in the parent’s environment,
disrupting locally optimized configurations in favor of novel ones that may be better
suited to an environment the parent never encountered. The germline does not pass
down the parent’s solution. It passes down the parent’s toolkit—shuffled, recombined,
tested in new combinations against a world that may have changed since the last
generation.

This is the biological Homeostatic Barrier in action. The germline remembers the
components (individual genes, conserved regulatory sequences, architectural
innovations) while forgetting the configuration (the specific combination that worked
for the parent). It preserves the vocabulary while randomizing the sentences. And this is
why sexually reproducing species, despite the enormous metabolic cost of sex, dominate
every complex ecological niche on the planet. The cost of recombination—the
destruction of locally optimal genotypes—is the price of admission for long-term
adaptability. Asexual lineages avoid this cost, preserve their configurations perfectly,
and go extinct when the environment shifts because they have overfit to the world that
produced them.

The lesson generalizes without remainder. A legal system that periodically reviews and
sunsets its own precedents—not because they were wrong when established, but because
the environment they addressed may have changed—is performing meiotic
recombination on its case law. A software system that enforces maximum cache
lifetimes and periodic schema reviews is performing meiotic recombination on its
operational assumptions. An Al training pipeline that incorporates ongoing fine-tuning
against fresh data with regularization against catastrophic forgetting is performing
meiotic recombination on its learned representations. In each case, the system pays a
short-term cost—discarding knowledge that may still be valid—for a long-term gain: the
guarantee that accumulated memory will never calcify into an irremovable constraint.



What Remains

The Mortal Architecture identified four open problems. The forgetting framework adds
three more, each sitting at the same disciplinary intersections.

The architecture of selective forgetting in entangled systems. How do you
build a pruning mechanism for a system in which the thing to be forgotten is distributed
across the same substrate as the things to be retained? The brain achieves this through
proportional downscaling—a blunt instrument that works because synaptic
reinforcement frequency is a reasonable proxy for importance. Neural networks have no
equivalent proxy. Weight magnitude does not correspond to the importance of the
knowledge encoded. The open question is whether there exists a tractable
decomposition of a trained model’s representational space that would permit targeted
forgetting without the full cost of retraining.

Optimal forgetting schedules for institutional memory. Sleep follows a
circadian rhythm: roughly sixteen hours of accumulation, eight hours of pruning, with
specific stages optimized for different types of consolidation and clearance. Is there an
analogous optimal cycle for institutional review? The crude version exists in sunset
clauses and periodic reauthorization, but these are legislated at fixed intervals without
reference to the rate of environmental change. A more sophisticated institutional
homeostasis would modulate review frequency against the rate at which the institution’s
operating environment diverges from the conditions assumed by its accumulated
precedents—slow review in stable periods, accelerated review during rapid change. The
measurement problem is obvious: who determines the rate of environmental change,
and how do you prevent that determination from being captured by the same reflexive
entropy that corrupts the institution?

The catastrophic forgetting boundary. In neural network research, catastrophic
forgetting is the pathology in which learning new information destroys previously
learned representations. It is the opposite failure mode from overfitting: too much
forgetting rather than too little. The system is somewhere between two failure
states—rigid memorization on one side, amnesic instability on the other—and the
optimal operating point is a narrow band between them. Defining that band formally,
for systems in any domain, is the complement of The Mortal Architecture’s reflexive
entropy threshold: the point at which pruning transitions from adaptive maintenance to
self-destructive amnesia.



The Mortal Architecture concluded that systems endure by mastering the art of dying
well. The complement proposed here is that systems adapt by mastering the art of
forgetting well. Death without forgetting produces immortal fossils. Forgetting without
death produces adaptive systems running on corroding hardware. The discipline is in
the balance: pruning enough to remain responsive to a changing world, retaining
enough to avoid reinventing the past from scratch every morning.

Every complex system faces the same choice between two failure modes. Remember
everything and calcify. Forget everything and dissolve. The narrow path between them is
not a compromise. It is a discipline—one that biology discovered three billion years ago,
that computing rediscovers every time it designs a cache, and that artificial intelligence
has not yet learned to practice.

The systems that endure are the ones that have mastered the art of dying well.
The systems that thrive are the ones that have mastered the art of forgetting well.

The difference is the difference between surviving and remaining worth the effort.
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